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Abstract

This article explores the Data Mesh architecture as a transformative approach to enterprise business intelligence.
Traditional centralized data platforms face increasing challenges in scalability and agility as organizations generate vast
amounts of data across various business domains. Data Mesh addresses these limitations by decentralizing data
ownership and treating data as a product, enabling domain teams to maintain autonomy while adhering to
organizational governance. Integrating cloud-native technologies and Al/ML capabilities, the Data Mesh paradigm
offers a compelling solution for the next generation of enterprise Bl systems. The article examines the core principles,
implementation considerations, and potential benefits of adopting a Data Mesh architecture, with particular focus on
its application in enterprise business intelligence and analytics.
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1. Introduction

The proliferation of data across modern enterprises has created unprecedented challenges for traditional data
management approaches. According to industry research, global data creation and consumption are expected to grow
exponentially, with the Global Datasphere expanding to 175 zettabytes by 2025, representing a compound annual
growth rate of 61%. Of this vast amount, nearly 30% will require real-time processing, highlighting the increasing
demands placed on enterprise data systems [1]. As organizations strive to become more data-driven, the limitations of
centralized data warehouses and data lakes have become increasingly apparent. These monolithic architectures often
create bottlenecks, with many data teams struggling to process and analyze information at the pace required by modern
business operations, ultimately hindering an organization's ability to derive timely insights and make informed
decisions.

The Data Mesh architecture, first conceptualized in 2019, represents a paradigm shift in how enterprises organize,
manage, and utilize their data assets. This approach emerged in response to the observation that approximately 80% of
data projects fail to deliver on their promises, with many organizations experiencing diminishing returns as they scale
their centralized data platforms [2]. Unlike conventional approaches that consolidate data into centralized repositories
managed by specialized teams, Data Mesh distributes data ownership to domain teams that are closest to the data's
creation and usage. Early adopters of domain-oriented data approaches have reported significant reductions in time-
to-insight, with some organizations cutting data delivery cycles from months to weeks or even days. This decentralized
model promotes greater flexibility and scalability, ensuring that data is managed effectively at its source.
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This article explores how Data Mesh architecture addresses key challenges in enterprise business intelligence (BI),
examining its core principles, implementation strategies, and the integration of advanced technologies such as artificial
intelligence and machine learning. With studies indicating that over 87% of organizations have low business intelligence
and analytics maturity, the Data Mesh paradigm offers a structured approach to overcome entrenched challenges [2].
The four key principles—domain ownership, data as a product, self-service infrastructure, and federated governance—
provide a framework that addresses both technical and organizational dimensions of the data management challenge.
By embracing this innovative approach, organizations can overcome the limitations of traditional data architectures
and establish a foundation for scalable, adaptable, and value-driven data ecosystems capable of handling the projected
49% of data that will reside in public cloud environments by 2025 [1].

2. The Evolution of Enterprise Data Architectures

2.1. Traditional Centralized Approaches

For decades, organizations have relied on centralized data warehouses and data lakes as the backbone of their analytics
infrastructure. Research shows that 34% of organizations began implementing data warehouses before 2001, with
another 32% starting between 2001 and 2006, demonstrating the long-standing nature of this approach [3]. These
architectures consolidated data from various sources into a single repository, enabling cross-functional analysis and
reporting. The push for centralization was driven by genuine business needs, with 38% of organizations reporting that
advanced analytics was a top priority for their data implementations. Traditional data warehouses provided some
benefits, as 45% of organizations reported improved decision making from their analytics programs. However, as data
volumes expanded and business requirements became more complex, the limitations of these approaches became
increasingly evident.

2.2. Challenges of Monolithic Data Platforms

Centralized data platforms often struggle with several critical challenges. Scalability constraints emerge as data volumes
grow exponentially, with 47% of organizations reporting that they manage more than 10 terabytes of data in their
analytical ecosystems [3]. This volume continues to increase, with structured data growing at 21% annually and semi-
structured/unstructured data growing at 42%, putting immense pressure on centralized architectures. Organizational
bottlenecks form as specialized data teams become overwhelmed with requests, creating backlogs and reducing agility.
Studies indicate that 41% of organizations lack personnel with advanced analytics skills, compounding these challenges.
Data quality issues persist, with 40% of organizations citing this as their primary challenge. The disconnect between
data producers and consumers leads to misunderstandings about context and meaning. Approximately 35% of
organizations report that limited domain expertise in centralized teams negatively impacts their ability to derive
insights from data. Slow time-to-insight remains problematic, with complex ETL processes delaying analytics delivery.
This challenge is exacerbated by the fact that 46% of organizations perform analytics on a combination of structured
and multi-structured data, increasing pipeline complexity [3].

2.3. The Need for a New Paradigm
Table 1 Enterprise Data Management Metrics: The Case for Evolution [3,4]

Metric Percentage

Data warehouse adoption before 2006 66%

Organizations with 10+ terabytes of data | 47%

Unstructured data annual growth rate 42%
Lack of advanced analytics skills 41%
Data quality as primary challenge 40%

These limitations have driven the search for more adaptable, scalable approaches to enterprise data management. The
evolving technology landscape necessitates architectural innovation, with projections indicating that by 2025, over 30%
of enterprises will prioritize composite data and application integration platforms [4]. Future-focused organizations are
increasingly adopting distributed approaches, recognizing that over 75% of data will require processing and analysis at
its source rather than in centralized repositories. The emergence of mesh architectures across various technology
domains reflects a broader shift toward distributed systems, with an estimated 20% of large organizations

1988



World Journal of Advanced Research and Reviews, 2025, 26(02), 1987-1994

implementing some form of mesh architecture by 2025. Industry analysts predict that organizations that adopt these
modern architectural approaches will outperform competitors by 25% in terms of business value achieved from digital
initiatives [4]. The Data Mesh architecture emerged as a response to these challenges, offering a fundamentally different
perspective on how data should be organized and governed within large organizations.

3. Core Principles of Data Mesh Architecture

3.1. Domain-Oriented Data Ownership

At the heart of Data Mesh is the principle of domain-oriented ownership. Rather than centralizing data under a
specialized team, Data Mesh distributes responsibility to cross-functional teams aligned with business domains. These
domain teams take end-to-end ownership of their data, from production to consumption, ensuring that data
management aligns with business requirements. Research indicates that by 2025, organizations with domain-oriented
data models could potentially reduce analytics development cycles by up to 30%, significantly improving time-to-
market for data products [5]. The shift toward distributed ownership aligns with projections that the volume of data
requiring analysis will grow tenfold by 2025, making centralized management increasingly untenable. Organizations
implementing domain-oriented approaches report that approximately 25% more of their analytics initiatives achieve
their business objectives compared to those using traditional centralized structures. This improved execution correlates
with findings that domain experts can identify relevant data sources 2-3 times faster than centralized teams when
equipped with appropriate tools and autonomy [5].

3.2. Data as a Product

Data Mesh treats data as a product with defined service-level objectives, documentation, and quality guarantees.
Domain teams act as "product owners" responsible for delivering high-quality, consumable data products to their
customers across the organization. This product-oriented mindset encourages teams to focus on user needs and
provides clear accountability for data quality and reliability. Research shows that treating data as a product contributes
to the projected increase of data-driven decision making, which is expected to reach 60-85% for world-class
organizations by 2025 [5]. The data-as-product approach addresses critical gaps, as studies indicate that currently only
30% of analytics insights typically lead to successful decision outcomes, despite organizations investing 5-10% of their
IT budgets in data management. This approach helps organizations address the fact that employees currently spend
approximately 30% of their time searching for data, with 60-73% of collected enterprise data never being used for
analytics, representing significant untapped potential [5].

3.3. Self-Service Data Infrastructure

To enable domain autonomy without creating technological chaos, Data Mesh relies on a self-service data platform that
provides standardized tools and templates for data management. This platform abstracts away the complexity of data
infrastructure, allowing domain teams to focus on business logic rather than technical implementation details. Studies
indicate that effective self-service platforms can help organizations address the critical skills gap in data science and
analytics, which is expected to increase by 15-20% by 2025, with demand outstripping supply by 50-60% [5]. The
impact on productivity is substantial, as organizations with mature self-service capabilities enable data practitioners to
spend up to 45% more time on analysis rather than data preparation. This efficiency gain is critical as the quantity of
data requiring analysis is expected to grow from 1-2% of all enterprise data today to 10-20% by 2025, requiring
significant increases in processing capacity and analytical throughput [5].

3.4. Federated Computational Governance

While decentralization enables agility, it requires robust governance to ensure consistency and interoperability. Data
Mesh employs federated computational governance, establishing global standards and policies that are automatically
enforced through code rather than manual processes. This approach balances local autonomy with organizational needs
for compliance and standardization. Research indicates that organizations implementing effective federated
governance models can achieve up to 40% better compliance rates across distributed teams [6]. This governance
approach addresses key challenges in modern data environments, where approximately 65% of organization data
strategy failures are attributed to inadequate governance rather than technology limitations. Studies show that
automated policy enforcement can reduce the average time required for regulatory change implementation by 30-35%
compared to manual processes. The operational benefits are also significant, as federated governance models can
increase metadata coverage by up to 70%, improving discoverability and reducing duplication, which currently
accounts for 25-30% of data storage costs in many enterprise environments [6].
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Table 2 Data Mesh Architecture: Performance Improvements Over Traditional Approaches [5,6]

Metric Percentage
Reduced development cycles 30%
Increased business outcomes 25%
Data-driven decision making by 2025 60-85%
More time for analysis vs. preparation 45%
Improved compliance with federated governance | 40%

4. Implementing Data Mesh for Enterprise Business Intelligence

4.1. Organizational Transformation

Adopting Data Mesh requires significant organizational changes, shifting from centralized data teams to a distributed
model where domain teams take ownership of their data assets. This transformation involves realigning team structures
to reflect business domains, with research indicating that organizations with mature data strategies are 2.6 times more
likely to report that data ownership is clearly defined and understood [7]. Developing new skills becomes essential, as
organizations that invest in data literacy report 21% higher productivity among analytics personnel. Creating new roles
focused on data product management represents another critical shift, with data-driven organizations being 58% more
likely to have defined roles and responsibilities for data stewardship across business units. Establishing clear
accountability frameworks completes the transformation, with high-performing data organizations 2.3 times more
likely to hold employees accountable for data quality within their domains [7].

4.2. Technical Architecture Components

A successful Data Mesh implementation relies on several key technical components. Domain-specific data pipelines
form the foundation, with research showing that architectures supporting federated data operations can reduce end-
to-end processing time by up to 35% [8]. Data product catalogs serve as centralized registries, with studies indicating
that organizations with searchable data assets experience a 70% improvement in data discovery time. Standardized
interfaces enable interoperability between domains, with approximately 42% of surveyed organizations citing interface
standardization as critical for domain interconnection. Monitoring tools track data quality and performance, with
research showing that observability implementations can detect up to 89% of data quality issues before they impact
downstream applications. Self-service infrastructure platforms provide templates and automation, with studies
showing a reduction in technical complexity being cited by 63% of organizations as essential for domain team
productivity [8].

4.3. Cloud Integration Strategies

Cloud platforms offer ideal foundations for Data Mesh architectures, providing substantial benefits across multiple
dimensions. Scalable storage and compute resources enable distributed data processing, with data-driven organizations
being 1.7 times more likely to leverage cloud infrastructure for their analytics workloads [7]. Containerization and
microservices support have proven valuable, with research showing that 58% of high-performing data organizations
leverage containerized applications for domain-specific data processing. Serverless frameworks reduce infrastructure
management overhead, with organizations reporting up to 24% of reclaimed engineering time when adopting
serverless architectures for data pipelines. Advanced security features protect sensitive data, with 73% of data leaders
citing improved security capabilities as a primary motivation for cloud-based data architectures. Pay-as-you-go pricing
models align costs with actual usage, with data-driven organizations being 2.1 times more likely to implement domain-
level budgeting and cost attribution for technology resources [7].

4.4. Balancing Autonomy and Governance

Successful Data Mesh implementations must balance domain autonomy with enterprise-wide governance. Developing
shared metadata standards and taxonomies is essential, with research showing that approximately 67% of
organizations with distributed data architectures report challenges in maintaining consistent metadata across domains
[8]. Automated policy enforcement ensures consistent governance, with studies indicating that automated controls
reduce policy violations by up to 54% compared to manual approaches. Cross-domain coordination processes are
equally important, with 76% of surveyed organizations establishing formal interfaces between domains. Clear data
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ownership boundaries provide essential clarity, with research indicating that 82% of successful distributed data
implementations explicitly document domain boundaries. Measuring data quality completes the governance
framework, with studies showing that organizations implementing consistent quality frameworks across domains
experience 41% fewer data-related incidents. Organizations that successfully balance domain autonomy with federated
governance report 1.8 times higher satisfaction with their distributed data architectures compared to those with
imbalanced approaches [8].

Table 3 Performance Benefits of Data Mesh Implementation [7,8]

Metric Percentage/Factor

Improved data discovery time | 70%

Quality issue detection rate 89%

Reduction in processing time | 35%

Policy violation reduction 54%

Fewer data-related incidents | 41%

5. Integrating Al and ML within the Data Mesh Framework

5.1. AI-Enhanced Data Products

The integration of artificial intelligence and machine learning capabilities transforms data products from passive
resources to active assets with significant operational benefits. Research shows that organizations implementing Al-
enhanced data products can achieve up to a 10x increase in ROI compared to traditional data management approaches
[9]. Automatically detecting anomalies becomes substantially more effective, as Al-powered data quality solutions can
reduce error rates by 80% and improve data reliability scores from an average of 60% to over 95%. The generation of
synthetic data for testing has proven valuable, with organizations reporting that synthetic data approaches can reduce
development cycles by 40% while maintaining data privacy compliance. Intelligent recommendations based on usage
patterns enhance data discovery, addressing the challenge that 65% of data in most organizations remains unused or
underutilized. The automation of routine data preparation tasks delivers efficiency gains, with studies indicating that
data scientists typically spend 80% of their time on data preparation—a figure that can be reduced to 20% with Al-
augmented pipelines. Continuous performance optimization based on query patterns has demonstrated measurable
benefits, enabling organizations to process queries up to 6x faster and handle 3x more concurrent users with the same
infrastructure [9].

5.2. Distributed ML Operations

Data Mesh enables more effective machine learning operations through a decentralized approach to model development
and deployment. Studies indicate that while the potential value of Al is significant, only 20% of organizations currently
using Al report a significant bottom-line impact [10]. By bringing ML models closer to the data they operate on,
organizations can address one of the major challenges in Al implementation, as nearly 87% of ML models never make
it to production. Domain-specific ML models developed within a Data Mesh framework show higher adoption rates,
addressing the fact that only 10% of organizations achieve significant financial benefits from Al investments despite
widespread initiatives. Reducing data movement across organizational boundaries yields significant benefits,
particularly important as organizations find that data preparation accounts for about 40% of the time spent in analytics
projects. Enabling domain experts to directly influence model development has proven transformative, helping
overcome the 68% of Al projects that stall at the proof of concept or pilot stage. Supporting parallel experimentation
accelerates innovation, critical as successful organizations typically test 2-3 times more hypotheses than their less
successful counterparts. The facilitation of ML component reuse drives efficiency, with modular approaches allowing
teams to reduce development time by up to 40% through reusable components [10].

5.3. Real-Time Analytics Capabilities

The decentralized nature of Data Mesh supports advanced real-time analytics capabilities that deliver significant
competitive advantages. Research indicates that organizations implementing real-time analytics within domain-
oriented architectures can reduce decision latency by 60-80%, a critical factor when 90% of the world's data has been
created in just the last two years [9]. Enabling event-driven processing at the domain level enhances responsiveness,

1991



World Journal of Advanced Research and Reviews, 2025, 26(02), 1987-1994

allowing organizations to process hundreds of thousands of events per second with sub-millisecond latency. Studies
show that real-time processing is increasingly essential as 95% of businesses cite the need to manage unstructured
data, which is growing at 55-65% annually. Supporting streaming analytics for time-sensitive applications provides a
significant competitive edge, as organizations report that reducing insight-to-action time from days to minutes can
increase operational efficiency by 25-35%. Providing domain-specific optimizations for performance-critical workloads
enables unprecedented efficiency, with specialized processing pipelines improving throughput by up to 3x compared
to generic implementations. Integrating operational and analytical systems closes the loop between insight and action,
addressing the challenge that 82% of executives feel they need to better connect their analytics systems to operational
processes to maximize business value [9].

Table 4 Al and ML Impact on Data Mesh Performance [9,10]

Metric Percentage/Factor

ROI increase with Al-enhanced data products 10x

Error rate reduction with Al-powered quality solutions | 80%

Decision latency reduction with real-time analytics 60-80%
ML models that never reach production 87%
Reduction in data preparation time with Al 60%

6. The Future of Enterprise BI with Data Mesh

As organizations continue to generate ever-increasing volumes of data across diverse business functions, the need for
adaptable, domain-oriented approaches will only grow. Industry forecasts indicate that by 2025, more than 50% of
enterprise data will be created and processed outside traditional data centers or clouds, highlighting the need for
distributed architectures [11]. Within this expanding data landscape, organizations are finding that traditional
centralized approaches cannot scale effectively to meet evolving business demands. Data Mesh provides a framework
that aligns with modern organizational structures and technological capabilities, enabling businesses to derive
maximum value from their data assets. According to research, by 2025, organizations that adopt distributed data
architectures will outperform competitors in the time-to-market for data-based products by more than 25% [11].

6.1. Emerging Trends and Opportunities

Several trends are likely to shape the evolution of Data Mesh implementations. Edge computing integration represents
a significant opportunity as computing moves closer to data sources. By 2024, 30% of enterprises will implement mesh
networks of various types to support emerging technology initiatives, a precursor to broader Data Mesh adoption [11].
This shift necessitates extending Data Mesh architectures to encompass edge devices and local processing. Semantic
layer advancements will drive enhanced cross-domain data discovery, with adaptive Al systems increasingly supporting
dynamic data utilization across domains. Democratized Al/ML platforms continue to evolve, as research indicates that
by 2025, 70% of new applications developed by enterprises will use low-code or no-code technologies, potentially
accelerating domain-specific analytics development [11]. Data contracts evolution will formalize relationships between
data producers and consumers, critical as organizations increasingly connect disparate data sources. Industry-specific
mesh patterns are emerging as different sectors develop specialized implementations, with regulations like GDPR and
CCPA driving customized governance approaches across domains [12].

6.2. Challenges and Limitations

Despite its promise, Data Mesh faces several implementation challenges. The skills gap represents a significant hurdle,
as studies show that by 2025, 60% of data and analytics teams will face critical skills gaps, increasing the need for
domain experts capable of managing their own data assets [11]. Technology maturity presents another challenge, as
tools specifically designed for Data Mesh implementation are still evolving, with many organizations piecing together
solutions from existing technologies. Cultural resistance remains significant, as up to 80% of data initiatives face
organizational rather than technical barriers to implementation [12]. Cost considerations cannot be ignored, as the
initial investment in self-service platforms and domain-specific infrastructure can be substantial, though studies suggest
that distributed architectures can reduce overall data management costs by 30% in the long term. Measuring success
presents a final challenge, as traditional metrics for data initiatives often fail to capture the value of a distributed
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architecture, requiring new measurement frameworks focused on business outcomes rather than technical
performance [12].

6.3. Impact on Data-Driven Decision Making

The widespread adoption of Data Mesh architectures has the potential to fundamentally transform how organizations
leverage data for decision-making. Research indicates that organizations implementing domain-oriented architectures
can reduce time-to-insight by up to 40%, enabling faster responses to market changes [11]. This acceleration translates
to measurable business outcomes, as by 2025, organizations practicing "adaptive governance" will be at least 25% more
likely to achieve their desired business outcomes than those with rigid, centralized data governance systems. Enabling
more contextualized analysis leads to better decisions, with domain-specific insights driving targeted business
initiatives. Supporting more agile responses to changing market conditions creates competitive advantages, particularly
important as organizations experience increasingly rapid market shifts [11]. Fostering innovation through cross-
domain data product composition generates new insights, with studies showing that cross-domain data analysis can
uncover 35% more business opportunities than siloed approaches. Organizations that successfully implement Data
Mesh principles report up to 45% improvement in data utilization and a 40% reduction in data-related project failures,
demonstrating the substantial business impact of domain-oriented data architectures on enterprise business
intelligence capabilities [12].

7. Conclusion

The Data Mesh architecture represents a fundamental shift in how organizations approach data management for
business intelligence. By decentralizing data ownership, treating data as a product, and leveraging cloud-native
technologies, enterprises can overcome the limitations of traditional architectures and build more responsive, scalable
analytics capabilities. The integration of Al and machine learning within the Data Mesh framework further enhances its
potential, automating routine tasks and uncovering insights that might otherwise remain hidden. By bringing these
advanced capabilities closer to domain experts, organizations can accelerate innovation and drive competitive
advantage. While implementation requires organizational change, technical expertise, and evolving governance models,
the potential benefits for enterprise business intelligence are compelling. As adoption increases, continued innovation
in tools, methodologies, and best practices will make Data Mesh implementation more accessible and effective. For
forward-thinking enterprises seeking to build truly scalable, agile data platforms, Data Mesh offers a promising path
forward.

References

[1]  I-Scoop "Data Age 2025: the datasphere and data-readiness from edge to core," I-Scoop.eu, Robotics and
Mechatronics Conference, 2025. [Online]. Available: https://www.i-scoop.eu/big-data-action-value-
context/data-age-2025-datasphere/

[2] Michelle Knight, "Understanding Data Mesh Principles,” Dataversity, 2023. [Online]. Available:
https://www.dataversity.net/understanding-data-mesh-principles/

[3] Philip Russom, "TDWI Best Practices Report: Big Data Analytics," Fourth Quarter 2011, 2011. [Online]. Available:
http://download.101com.com/pub/tdwi/Files/TDWI_BPReport_Q411_Big_Data_Analytics_Web.pdf

[4] Steve Andriole, "Gartner’s 2025 Strategic Technology Trends Are Just Right," Forbes, 2024. [Online]. Available:
https://www.forbes.com/sites/steveandriole/2024/11/14/gartners-2025-technology-trends-which-are-just-
right/

[5] McKinsey Digital, "The Data-Driven Enterprise of 2025," McKinsey.com, 2022. [Online]. Available:
https://www.mckinsey.com/~/media/mckinsey/business%?20functions/mckinsey%20analytics/our%?20insig
hts/the%20data%20driven%20enterprise%200f%202025/the-data-driven-enterprise-of-2025-final.pdf

[6] Subramaniam, N., "Digital transformation and artificial intelligence in organizations," Journal of Financial
Transformation, 58. pp. 90-97, 2023. [Online]. Available:
https://centaur.reading.ac.uk/114249/9/Subramaniam-0810.pdf

[71 Yared Gudeta, "The Impact of Data and Al on a Modern Business," Databricks, 2023. [Online]. Available:
https://www.databricks.com/blog/impact-data-and-ai-modern-business

[8] Yacine Jernite, "Data Governance in the Age of Large-Scale Data-Driven Language Technology," arxiv, 2022.
[Online]. Available: https://arxiv.org/pdf/2206.03216

1993


https://www.i-scoop.eu/big-data-action-value-context/data-age-2025-datasphere/
https://www.i-scoop.eu/big-data-action-value-context/data-age-2025-datasphere/
https://www.dataversity.net/understanding-data-mesh-principles/
http://download.101com.com/pub/tdwi/Files/TDWI_BPReport_Q411_Big_Data_Analytics_Web.pdf
https://www.forbes.com/sites/steveandriole/2024/11/14/gartners-2025-technology-trends-which-are-just-right/
https://www.forbes.com/sites/steveandriole/2024/11/14/gartners-2025-technology-trends-which-are-just-right/
https://www.mckinsey.com/~/media/mckinsey/business%20functions/mckinsey%20analytics/our%20insights/the%20data%20driven%20enterprise%20of%202025/the-data-driven-enterprise-of-2025-final.pdf
https://www.mckinsey.com/~/media/mckinsey/business%20functions/mckinsey%20analytics/our%20insights/the%20data%20driven%20enterprise%20of%202025/the-data-driven-enterprise-of-2025-final.pdf
https://centaur.reading.ac.uk/114249/9/Subramaniam-0810.pdf
https://www.databricks.com/blog/impact-data-and-ai-modern-business
https://arxiv.org/pdf/2206.03216

[10]

[11]

[12]

World Journal of Advanced Research and Reviews, 2025, 26(02), 1987-1994

Rameez Ghous, "How a Modern Data Architecture Brings Al to Life: Data Mastering for Al," Informatica, 2024.
[Online]. Available: https://www.informatica.com/blogs/how-a-modern-data-architecture-brings-ai-to-life-
data-mastering-for-ai.html

Rohit Panikkar et al, "Operationalizing machine learning in processes," McKinsey and Company, 2021. [Online].
Available: https://www.mckinsey.com/capabilities /operations/our-insights/operationalizing-machine-
learning-in-processes

Gene Alvarez, "Gartner Top 10 Strategic Technology Trends for 2025," Gartner. 2024. [Online]. Available:
https://www.gartner.com/en/articles/top-technology-trends-2025

Riyaasharma, "Role of Domain-Oriented Data Architecture in Data Mesh," Nash Tech, 2024. [Online]. Available:
https://blog.nashtechglobal.com/role-of-domain-oriented-data-architecture-in-data-mesh/

1994


https://www.informatica.com/blogs/how-a-modern-data-architecture-brings-ai-to-life-data-mastering-for-ai.html
https://www.informatica.com/blogs/how-a-modern-data-architecture-brings-ai-to-life-data-mastering-for-ai.html
https://www.mckinsey.com/capabilities/operations/our-insights/operationalizing-machine-learning-in-processes
https://www.mckinsey.com/capabilities/operations/our-insights/operationalizing-machine-learning-in-processes
https://www.gartner.com/en/articles/top-technology-trends-2025
https://blog.nashtechglobal.com/role-of-domain-oriented-data-architecture-in-data-mesh/

